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Abstract 

Because no large-scale survey records individuals’ legal status, previous literature often 
use Hispanic or Mexican non-citizen as a proxy to identify undocumented immigrants in 
survey data. This paper compares the ethnicity proxy with the recently developed residual 
method in identifying undocumented immigrants in two aspects: how closely they can match 
official statistics and how they differ when evaluating the schooling and labor market effects 
of the DREAM Act and DACA. The study finds that the residual method outperforms the 
ethnicity proxy in matching the U.S. Citizenship and Immigration Services statistics on 
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Section 1: Introduction 

 The United States has the largest immigrant population of any nation in the world. 

However, over one-fourth of this population, or 11.3 million individuals, are undocumented 

immigrants with no legal status (Passel and Cohn 2017). Recently, extensive political debate 

has occurred in the Trump administration over the appropriate policies to manage these 

individuals and regulate additional unauthorized immigration. As undocumented immigrants 

typically have low income and an above-average unemployment rate, special attention has been 

paid to whether the government should help improve their economic well-being in order to 

prevent pushing them further into the underground economy (Abrego and Gonzales 2010, 

Teranishi and Suarez-Orozco 2015). To date, two major policies have been implemented to 

facilitate the integration of undocumented immigrants into American society. At the federal 

level, the Deferred Action for Childhood Arrivals (DACA) program has provided work 

authorization and a temporary relief from deportation to eligible immigrants since 2012. At the 

state level, 20 state governments since 2001 have granted in-state college tuition to 

undocumented students, known as the DREAM Act.  

 This paper analyzes changes in the college enrollment rate and the employment likelihood 

of undocumented students following the enactment of these two initiatives, respectively. As the 

DREAM Act directly reduces the cost for undocumented students to receive higher education, 

we may anticipate that more undocumented students enroll in college instead of working 

informally without legal protection. In the case of DACA, however, undocumented immigrants 

will receive work authorization in addition to facing fewer legal constraints to attend colleges. 
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As such, we would anticipate DACA to represent an increase in the opportunity cost of 

attending college for eligible individuals, thus leading them to take up jobs at the expense of 

higher education. 

Obtaining precise estimates of the schooling and labor market impacts of the DREAM Act 

and DACA are important for policy debates. However, previous studies that evaluate these two 

policies have produced mixed results. Using monthly data from the Current Population Survey 

(CPS), Kaushal (2008) and Amuedo-Dorantes and Sparber (2014) found that in-state tuition 

subsidies are associated with an increase in the college enrollment rate of undocumented 

students. On the other hand, Chin and Juhn (2010) were unable to find any statistically 

significant enrollment effect using data from the American Community Survey (ACS), and the 

labor market impacts of the DREAM Act still remain unaddressed by the literature. Focusing 

on the DACA program, Amuedo-Dorantes and Antman (2017) found a drop in the enrollment 

rate and an increase in the employment likelihood of eligible individuals using 2000-2014 

monthly CPS data. In contrast, Pope (2016) found no evidence of any schooling effect of 

DACA based on data from the ACS between 2005 and 2014. These differences may be due to 

variations in data sources and the time periods being examined, as it can take time for policies 

to phase in and generate observable impacts. 

 Furthermore, these studies face another challenge in evaluating the effects of the two 

immigration policies: there is no widely available data set that specifies respondents’ legal 
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as potentially undocumented. Borjas finds that the residual method produces estimates that are 

highly consistent with the official DHS statistics on undocumented immigrants, thereby 

providing a reliable way to identify undocumented immigrants in survey data. 
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present the empirical results. Section 6 performs robustness checks of the main results, and 

Section 7 concludes with a discussion of the policy implications. 

 

Section 2: Background on the DREAM Act and DACA 

 Prior to the enactment of the DREAM Act, undocumented immigrants in the U.S. could 

receive free education through high school, but were prohibited from receiving in-state college 

tuition under the 1996 Illegal Immigration Reform and Immigrant Responsibility Act (IIRIRA). 

This resulted in only 40% of undocumented students continuing to attend college, compared 

with 71% of their U.S.-born peers (Passel and Cohn 2009). Given the fact that undocumented 
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California and New York), as well as those with comparatively few (e.g., Wisconsin and 

Kansas). The states also include those that disproportionately vote for Democratic candidates 

(e.g. Maryland and Connecticut) and others that tend to vote Republican (e.g. Utah and 

Nebraska). Such randomness in the states’ decisions to pass the DREAM Act provides evidence 

that the state-level policy is exogenous to enrollment and employment trends. 

 Additionally, these state-level actio, 
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e) That person is a veteran or is currently in the Armed Forces; 

f) That person receives welfare benefits from the government;3 

g) That person works in the government sector; 

h) That person’s occupation requires lawful status or government licensing.4 

The residual group of all other foreign-born individuals is then classified as undocumented. As 

Table 2 suggests, the main differences between the two identification strategies are the ethnic 

composition and areas of origin of estimated undocumented immigrants. While the Hispanic 

non-citizen proxy effectively assumes that all undocumented immigrants are Hispanic and 

mostly Mexican, the residual method produces estimates that are more consistent with USCIS 

statistics (61% Hispanic by residual method vs. 70% Hispanic estimated by USCIS; 41% 

Mexican by residual method vs. 51% Mexican estimated by USCIS). The residual method also 

more accurately reflects the share of undocumented immigrants that are from Asia (18% vs. 

14% estimated by USCIS) and Europe (7.7% vs. 5% estimated by USCIS), thereby enabling 

analysis on a more diverse sample of undocumented individuals. 

 

Section 4: Empirical Approach 

This paper follows the literature and uses a difference-in-difference approach to measure 

                                                        
Burma, Iraq, Somalia, Bhutan, Ukraine, Eritrea, Sudan, and Kuwait. Additionally, every individual born in Cuba 
is considered as a legal immigrant as practically all Cuban immigrants were granted refugee status. 
3 Benefits include the Supplemental Nutrition Assistance Program (SNAP), the Women, Infants, and Children 
(WIC) Program, and unemployment benefits.  
4 Major occupations include physicians, registered nurses, law enforcement officers, and air traffic controllers. 
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the enrollment and employment effects of state-level DREAM Acts and DACA on 

undocumented immigrants. For each policy, regressions are performed for different estimates 

of undocumented immigrants using the ethnicity proxy and the residual method respectively to 

compare the effectiveness of these identifying strategies.  
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the results are not driven by a long trend prior to DACA’s implementation, I restrict the sample 

to a shorter window around DACA’s enactment, ranging from January 2005 to December 2016. 

If the long pre-period is driving the results, the effect estimates should not have the same 
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literature has noted that Texas can have a separate treatment effect because of the larger pool 

of individuals who could be eligible under the DREAM Act and DACA (Gaulke 2017). To test 

if Texas is driving the estimated policy impacts, I run the analysis on a different sample, 

removing observations from Texas and using the two methods respectively to identify the 

undocumented population. The results on the effects of the DREAM Act are presented in Table 

6, Panel A, while those for DACA can be found in Table 6, Panel B. For both legislations, the 

estimated schooling and labor market impacts are consistent with the aforementioned main 

findings, and remain statistically significant. Therefore, the results suggest that Texas is not 

dominating the measured changes in the college enrollment rate and employment likelihood of 

undocumented students.  
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Figure 1. Share of Mexican and Non-Mexican Individuals of Undocumented 
Immigrants, 2009-2016 

 

Source: Pew Research Center. 

 
Figure 2. State Legislation on In-State Tuition for Undocumented Immigrants, 2001-

2016 

 

Source: National Conference of State Legislatures. 

States Granting In-
State Tuition to 
Undocumented 
Students 



 

 

Table 1 
Weighted Descriptive Statistics Using the Ethnicity Proxy 

 
Characteristics
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Table 2 
Comparison of the Ethnicity Proxy and Residual Method 

 
Characteristics USCIS Estimates 

(1) 
Hispanic Non-Citizens 

(2) 
Residual Method 

(3) 
Difference 

(1) – (2) (1) – (3) 
Hispanic 70% 100% 61% -30% 9% 
Region/Country 
of Birth 

Mexico 51% 71% 41% -20% 10% 
Central America



 

 

Table 3 
Enrollment and Employment Effects of State-Level DREAM Acts 

 
Panel A: College Enrollment (1) (2) (3) (4) 
Specification A: Ethnicity Proxy 
Hispanic Non-Citizens 0.013 0.015* 0.032*** 0.032*** 
(N = 42,529) (0.009) (0.009) (0.012) (0.012) 
Specification B: Residual Method 
Undocumented Immigrants 0.024 0.023 0.033* 0.035* 
(N = 30,768) (0.016) (0.015) (0.019) (0.019) 
     

Subgroup: Hispanic 0.031 0.033* 0.056** 0.057** 
(N = 18,416) (0.020) (0.019) (0.024) (0.024



 

 

Table 4 
Enrollment and Employment Effects of DACA 

 
Panel A: College Enrollment (1) (2) (3) (4) 
Specification A: Ethnicity Proxy 
Hispanic Non-Citizens -0.062*** -0.028*** -0.026*** -0.028*** 
(N = 53,066) (0.010) (0.010) (0.010) (0.010) 
Specification B: Residual Method 
Undocumented Immigrants -0.205*** -0.086*** -0.091*** -0.092*** 
(N = 38,814) (0.018) (0.017) (0.017) (0.017) 
     

Subgroup: Hispanic
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